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Abstract

As manufacturers and technologies become more complicated, manufacturing errors such as machine failure and human
error have also been considered more over the past. Since machines and humans are not error-proof, managing the
machines and human errors is a significant challenge in manufacturing systems. There are numerous methods for
investigating human errors, fatigue, and reliability that categotized under Human Reliability Analysis (HRA) methods.
HRA methods use some qualitative factors named Performance Shaping Factors (PSFs) to estimate Human Error
Probability (HEP). Since the PSFs can be considered as the acceleration factors in Accelerated Life Test (ALT). We
developed a method for Accelerated Human Fatigue Test (AHFT) to calculate human fatigue, according to fatigue rate
and other effective factors. The proposed method reduces the time and cost of human fatigue calculation. AHFT first
extracts the important factors affecting human fatigue using Principal Component Analysis (PCA) and then uses the
accelerated test to calculate the effect of PSFs on human fatigue. The proposed method has been applied to a real case,
and the provided results show that human fatigue can be calculated more effectively using the proposed method.
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Some methods highlighted the workplace design and environmental conditions [3] and [4], and other
methods investigated the work redesigning and redefining [5]. The common point of all these methods is
that some important factors such as human reliability and fatigue should be measured in order to evaluate
the severity of the effect on quality and cost. Other studies investigated the human reliability calculation
methods such as the first and second generation of HRA and introduced new concepts such as fatigue in
HRA.

HRA methods are time consuming, and new methods must be introduced to reduce the implementation
cost and time. In this paper, we propose a hybrid method that uses the advantage of ALT as a reliability
analysis model to predict the fatigue value. The effective parameters on human fatigue are also extracted
by PCA. This hybrid method reduces the time and costs in HRA.

2 | Literature Review

There are several sources of human error; one of them is fatigue that stems from other factors; in fact,
every loss caused by psychological or physiological effort is named fatigue that has several symptoms. Lack
of energy, physical exertion [0], lack of motivation [7], and sleepiness [8] are the symptoms of fatigue.
Human fatigue commonly disrupts human performance and leads to undesirable costs to the manufacturer
such as quality cost, maintenance cost, etc. With unfavorable effects on judgment, efficiency, and

productivity [9].

Many researchers investigated fatigue in qualitative and quantitative categories. In the first category, they
studied the effective factors in human fatigue, such as the type of work, environmental condition, and
human body specification [10] and [11].

The second category investigated the methods to calculate the fatigue value due to qualitative factors. Also,

some papers in this category proposed different methods for human fatigue recovery. [12]-[14] proposed
several methods to calculate the fatigue based on some factors such as Maximum Holding Time (MHT)
and Maximum Endurance Time (MET). Imbeau and Fatbos [15] proposed the static fatigue analysis
through the concept of MET, which defines the maximum time a muscle can sustain a load. Ma et al. [16]
studied the influence of external load on human fatigue in a real-time situation. Fruggiero et al. [17]
investigated the imposed uncertainty due to human error. Peternel et al. [18] proposed two fatigue
management protocols to calculate and reduce human fatigue. Li et al. [19] introduced the fatigue causal
network for fatigue management.

Since the first proposed methods for fatigue measuring only consider the work type and some human
specifications, PSFs have been proposed to increase the accuracy of fatigue calculation.

The term PSF encompasses the various factors that affect human performance and can change the HEP.
Although many methods use PSFs, there is not a standard set of PSFs that are used for most HRA methods
[20]. There are about 60 PSFs, with varying degrees of overlap [21]. Boring studied the important PSFs
and proposed 8 PSFs that are considered in common HRA methods [22], such as stress, complexity,
ergonomics and etc. Also, the PSFs affect human fatigue/recovery and should be considered in human
fatigue quantification. Rasmussen and Laumann [23] proposed a method to evaluate fatigue as a

performance shaping factor in the Petro-HRA method.

Some researchers studied human fatigue from the perspective of reliability and believed that human fatigue
could be investigated using reliability methods [24]. In fact, they considered human as a machine and
proposed some reliability and maintenance policy to mitigate the human failure rate. For example Mahdavi
et al. [25] proposed a mathematical model for a dynamic cellular manufacturing systems whit human
resources. Cappadonna et al. [26] addressed the machine scheduling problem with limited human

resources. Taylor [27] studied the human as an important resource in maintenance actions. The main



problem to study human fatigue by machines reliability methods is that the PSFs have not been
considered by reliability methods. Griffith and Mahadevan [28] investigated the effect of fatigue on
human reliability.

ALT can be used to consider the PSFs in reliability assessment methods and evaluate human fatigue.
ALT is the process of testing an element subjecting it to environmental conditions such as stress,
temperatures [29] and [30]. PSFs can be considered as an Accelerated Factor (AF) to calculate human
fatigue. In fact, ALT reduces the time and cost of human fatigue calculation.

To the best of author’s knowledge, there is no a research in which studied human fatigue using ALT
and compared its result with common fatigue models. In this paper, we propose an Accelerated Life
Test (ALT) to calculate the human fatigue value to consider the effect of PSFs in fatigue calculation and
make fatigue value closer to reality. To find the most effective PSFs we utilize Principal Component
Analysis (PCA) since the ALT needs a limited number of factors. Also, a real case will be investigated
to examine the effectiveness of the proposed methods. In other words, we select the most effective
PSFs with PCA and then calculate the fatigue by ALT. this method reduces the time and decreases the
cost of human fatigue calculation. Also, eliminating unnecessary PSFs reduces the data gathering process
without significant prediction etror.

3 | Research Methodology

In the proposed method, we first select the most effective PSFs on human fatigue using the PCA
method. By PCA, we can limit the PSFs and consider the important PSFs to facilitate the data gathering.
After selecting the PSFs, we use the ALT to evaluate the effect of PSFs on human fatigue. Using ALT,

we can calculate the fatigue according to the PSfs value with a non-significant error.
3.1 | Principal Component Analysis (PCA)

PCA is an unsupervised exploratory method for feature extraction. This method combines several input
variables in a specific way to drop the “least important” variables and retains the most valuable parts of
all of the variables. PCA produces orthogonal components by decomposing the initial input variables
matrix [31].

PCA is mostly used for making predictive models. PCA can be done based on the covariance matrix as
well as the correlation matrix, and data matrix using eigenvalues and eigenvectors. The data matrix
should be normalized until having zero mean and unit variance [32]. The results of a PCA are usually
studied in terms of component scores, or factor scores. The steps of PCA implementation for some
stochastic vector X is as follows:

1. Consider we have a matrix X with n rows and p+1 columns, where there is one column
corresponding to the dependent variable (usually denoted Y) and p columns corresponding to each
of independent variables.

II.  For each column, subtract the mean of that column from each entry.
III.  Make the matrix Z by standardizing each column of X to make sure each column has mean zero
and standard deviation 1.
IV.  Calculate the Z7Z.
V.  Calculate the eigenvectors and eigenvalue for ZTZ.
VI.  Take the eigenvalues A1, Az, ... and sort them from largest to smallest.
VII.  Calculate the proportion of variance explained by Eg. (7) for each input variable.

IJRIE

348

Jamshidi and Sadeghi | Int. J. Res. Ind. Eng. 10(4) (2021) 346-357



IJRIE

349

Application of accelerated life testing in human reliability analysis

Al

proportion of variance explained, = ——. 1)
ai=1M
VIII.  For each vatiable, pick a threshold and add input variables until the cumulative proportion of variance
hits that threshold.
IX.  Select the last input variable that hits the threshold and its previous variable as effective inputs variable
onY.

Using PCA in human fatigue analysis, we can eliminate the probable dependency between PSFs and obtain
the main effective PSFs on human fatigue. On the other hand, by reducing the size of input variables, there

is no need to spend more time and cost for PSFs data gathering.
3.2 | Accelerated Life Testing (ALT)

All consumers are interested to know the lifetime knowledge of products. Using this knowledge,
manufacturers can estimate their cost of production by knowing the failure mode of their machines [33]
and [34], and end customers can predict the maintenance cost of their appliances. The lifetime of most
machines is long and the manufacturers cannot implement common lifetime experiments to ensure the
failure rate of machines. To overcome this issue ALT has been proposed.

ALT identifies the load stress levels of a system (or machines or components) and studies the effects of
increasing this stress during the life test [35]. In other words, during the ALT, the machine works with a
stress higher than its common levels of loads or different environmental factors in order to accelerate the
failure occurrence cycle [36]. ALT reduces the testing time to estimate behavioral characteristics such as
failure rate, and lifetime for a machine in normal conditions. In ALT, all stress levels are not examined,
and the test is conducted in some stress levels, and extrapolation is used to estimate the life distribution at
the desired conditions. Since extrapolation methods have statistical errors, several ALT have been

proposed by researchers to eliminate the extrapolation errors.

To use ALT, the failure distribution should be identified, and the AF should be defined to propose the
ALT distribution function [36]. Three well-known distributions in ALT are Weibull, Exponential, and Log-
normal distribution [37]. Weibull is most used among these three distributions [38].

The acceleration relationship selection is important in ALT; this relationship is selected according to the
types and numbers of AF. For example, if the temperature is considered as AF, the Arrhenius is an
appropriate relation. Eyring Inverse Power Law (IPL), Temperature-Humidity, Temperature Non-Thermal
Relationship are the most used relation in ALT.

In this paper, we consider the Performance Shaping Factors (PSFs) as AL, and select the proper
acceleration relationship according to the number of effective PSFs obtained by PCA methods. In fact, we
aim to propose a quantitative method for human fatigue and reliability calculation instead of common

qualitative human fatigue measurement methods.

3.3 | Human Fatigue

Fatigue refers to the issues that arise from excessive working time, poorly designed shift patterns,
inappropriate tools, and poor ergonomics. Fatigue is usually considered to be a decrease in mental or
physical performance of human that results from long exertion, sleep loss, or disruption of the body’s
internal clock. It is also related to workload, in that workers are more easily fatigued if their work is
machine-paced, complex or monotonous. Fatigue leads to a reduction in human's workforce and
consequently to increase the Human Error Probability (HEP).



The physical fatigue involvement in HEP has been investigated by some researchers. Studies on muscle
fatigue have been going on since the late 1800s [39] and [40], and research has mainly focused on the
fatigue rate in terms. Xia and Law [41] presented a three-state model to assess human fatigue. Myszewski
[42] proposed a curve-based model on error rate to show that human error increases as fatigue increases
over time. Michalos et al. [43] proposed a scoring method for physical fatigue using the fatigue model
of [16]. They also provided a method to calculate the corresponding error rate based on the work of [9].
Jamshidi and Seyyed Esfahani [44] proposed a model to assess the fatigue of human resources in
production systems. Since fatigue is a wide-ranging term, it cannot be directly evaluated. Fatigue must
be inferred from its related factors, such as excessive sleepiness, reduced physical and failure rate of
human resources [45]. For physical fatigue, fatigue can be measured using physical factors such as heart
rate [46] and force. One of the most popular fatigue relations has been proposed by [47]. He proposed
that fatigue value can be calculated using Fgq. (2).

f(t)=1-c " ®

Where f(t) is the fatigue accumulated by time t, Af is the human fatigue rate. The fatigue rate represents
the rate at which the fatigue occurs.

The failure rate is affected by many factors such as human skill, training, work type, equipment, and
environmental condition such as temperature, light, vibration, etc. therefore, we can assign a unique
failure rate to a human in a specific job implementation. Finding the human fatigue rate in each
environment requires several experiment implementations with different conditions. These different
conditions have been known as PSFs. In this paper, we study the historical data on human failure and
select the most effective PSFs on human fatigue by PCA method; then the most effective PSFs are
considered as AF to propose the accelerated fatigue relation that considered the environmental
conditions in production systems. The accelerated fatigue relation will be presented in the next section.

3.4 | PSFs Selection by PCA

PSFs can enhance or degrade human performance and provide a basis for considering potential
influences on human performance and considering them in the quantification of HEP. There are several

categories of PSFs such as direct/ indirect, internal /external, etc. The most popular PSFs are shown in
Table 1.

Table 1. Most popular PSFs.

No. PSF Title No. PSF Title

1 Training & Expetience 9 Equipment Accessibility
2 Available Time 10 Fitness for Duty

3 Team/Crew Dynamics 11 Instrument Availability
4 Environment 12 Workload/Stress

5 Communications 13 Ergonomics/HIS

6 Communications 14 Need for Special Tools
7 Complexity 15 Realistic Accidents

8 Available Staffing

Considering the PSFs proposed in Table 1, it’s hard to analyze all the 15 numbers of PSFs in
manufacturing systems, to overcome this issue, researchers tried to reduce the effective PSFs. Boring
studied the important PSFs and proposed eight PSFs that are considered as the most effective PSFs in
HRA methods [22] Available Time, Stress, Complexity, Experience and Training, Procedures,
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Ergonomics, Fitness for Duty, Work Process are the eight effective PSFs. Each PSF has a predefined level
I]RIE and each level has a specific value [48] and [49]. For example, the values of stress are shown in Table 2.

Table 2. The value of PSF level (Stress).

PSF level (Stress) Multipliers Action  Multipliers Diagnosis
351

Extreme 5 5

High 2 2

Nominal 1 1

Insufficient information  nominal nominal

Highly complex 5 5

Moderately complex 2 2

The multiplier values were attributed by analysts on the basis of several studies. These multipliers should
be standardized, if we face an abnormal manufacturing system. In this paper, we consider these 8 PSFs

2 and investigate the human fatigue, regarding these PSFs value and then extract the most effective PSFs
= using PCA. In order to find the effective PSFs, we investigated 15 historical data for a lathing workshop
s that presented in Tuble 3, the time for fatigue measurement is equal to 1 hour, each time unit are considered
= to be 1 hour.
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Ins13  0.01 5 5 0.5 20 10 5 0.5 0.142
Ins 14 0.1 5 2 3 5 0.5 5 1 0.126
Ins15 0.1 5 2 3 5 0.5 5 1 0.134

To reduce the number of PSFs to make the data easier to analyze, the PCA method will be implemented.
The results of PCA method are shown in Table 4.

Table 4. Eigen analysis of the Correlation Matrix.

Eigenvalue | 2.7430 1.7996 1.3479 1.1389 0.7193 0.6709 0.3977 0.1681 0.0145
Proportion | 0.305  0.200 0.150  0.127  0.080  0.075 0.044  0.019  0.002
Cumulative | 0.305 0505 0.655 0.781 0.861 0936 0980 0.998  1.000

The first three PSFs (available time, stress, and complexity) explain 65.5% of the variation in the data of
Table 3. Therefore, these three PSFs can be used to analyze the fatigue value. The impact of each PSF is
shown in Fig 7.
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On the other hand, the third PSF (complexity) has a positive correlation with the second PSF (stress),
and we can find if the work complexity increases, then the worker stress also increases. Regarding this
issue, we select the Available Time and stress as the two effective PSFs on human fatigue. The proposed
data in Table 5 also confirmed these results. As it could be seen, the available time and stress have the
most correlation with fatigue. The fatigue correlation value with available time and stress is 0.276 and

Fig. 1. The eigenvalue for each PSF.
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0.313, respectively. Fig. 2.shows the correlation of these 8 PSFs with the most effective PSFs.

Table 5. Eigenvectors for each PSF.
Variable PC1 PC2 PC3 PC4 PC5 PC6 PC7 PC8 PC9
Available Time 0.165 -0.641 -0.043 -0.090 0.214 -0.342 0.197 -0.523 0.276
Stress 0.244 0489 -0.163 -0.421 0.042 0.370 0.365 -0.358 0.313
Complexity 0.298 0.180 -0.219 0.651 -0.339 0.024 -0.315 -0.403 0.173
Experience And Training 0421 0.041 0362 -0.143 0462 0.100 -0.610 0.103  0.251
Procedures 0.402 -0.234 0.064 0439 0.165 0.362 0497 0411 0.115
Ergonomics 0.084 -0.023 -0.809 -0.123 0.126 -0.209 -0.156 0.411  0.265
Fitness For Duty 0.383 -0.001 0.279 -0.260 -0.653 -0.370 0.083 0.279 0.245
Work Process -0.076  -0.509 -0.125 -0.252 -0.393 0.650 -0.279 -0.017 0.041
Fatigue 0.571  -0.048 -0.200 -0.178 0.008 -0.035 -0.019 -0.100 6767
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Fig. 2. The relation between PSFs.
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3.5 | Acceleration Human Fatigue Test (AHFT)

The ALT methods have been proposed for one or more AF to estimate the reliability and fatigue. In most
practical applications, fatigue is a function of more than one variable (stress types). In these cases, the
General Log-Linear (GLL) can be used. GLL describes a life characteristic as a function of a vector of
variables such as X=(X1,X2,...Xn), the GLL relation is as follows:

n
L(x)=e O FFIT, ®

Where o0 and «j are the relation parameters that should be estimated and X is the AF vectors. This
relationship can be further modified through the use of transformations and can be reduced to other ALT
methods such as Arrhenius and IPL. Regarding this fact, we can use IPL method instead of GLL by using
an appropriate transformation. To implement the ALT for human fatigue we use the GLL method with
some transformation and consider the available time and stress as the AFs. Since we have 2 AFs we should
estimate the «0, al, a2 as the GLL parameters so we can predict the fatigue value according to stress and
available time for the future dataset. The results of GLL implementation have been shown in Table 6, the

confidence level is equal to 99%.

Table 6. Regression table.

Predictor Coef Standard Error Z P Lower Upper
99.0% Normal CI 99.0% Normal CI
Intercept  36.60 15.72 233 002 (3.90) 77.09
Available 0.05 0.02 238 002  (0.00) 0.09
time
Stress (10,723.90)  4,344.03 247) 001  (21,913.40) 465.56
Shape 3.64 0.86 1.97 6.71

Regarding the result presented in Table 6, we can estimate the fatigue of human resources with different
available times and stress levels. For example, the estimate of fatigue for available time= 0.1 and stress= 5
is shown in Table 7.

Table 7. The estimation of fatigue with PSFs value.

Available time Stress Percentile Standard Error Lower Upper
99.0% Normal CI ~ 99.0% Normal CI
0.1 5 0.114565  0.0200486 0.0729939 0.179811

The percentile value shows the fatigue of human with the mentioned specifications. The effect of stress
and available time on fatigue, are shown in Figs. 34. It could be seen, that fatigue increases when stress is
increasing and available time is decreasing.

To verify the accuracy of the proposed model, five instances have been investigated, and the relative error
has been calculated for each instance. The provided results shown in Tuble § indicated the proposed model
could estimate human fatigue with an acceptable error range. In other words, reducing the time and cost
by using the PCA and ALT did not cause a significant etror.
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Table 8. The relative fatigue error.
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4 | Conclusion and Future Work

In every manufacturing systems, human has the most impact on quality and safety, regardless of the role
of human, every plan such as production scheduling, quality improvement, and cost reduction are doomed
to failure. Many methods have been proposed to quantify the human effects in manufacturing systems.
Most of these methods require a lot of data collection and several experiments. Considering this fact, in
this paper, we tried to propose a simple method for human resource fatigue calculation. In this paper, we

used the ALT to estimate human fatigue using PSFs. The proposed model can decrease the data gathering
time in comparison with common human fatigue models. To reduce the amount of required data for

fatigue calculation, the PCA method has been implemented to find the most effective PSFs. The
performance of the proposed method was examined for a real case (lathing manufacturing system), and
the provided results indicated that the proposed model could obtain an efficient and effective value for
human fatigue using fewer data and costs. It’s worth mentioning that future researches could consider the
potential relation of PSFs and another formulas of ALT. Investigating the effect of another formulas for
ALT on human fatigue prediction error, can be an interesting issue for future works.

References

[1] Grosse, E. H., Glock, C. H., & Neumann, W. P. (2017). Human factors in order picking: a content analysis
of the literature. International journal of  production research, 55(5), 1260-1276.
https://doi.org/10.1080/00207543.2016.1186296

[2] Battini, D., Calzavara, M., Persona, A., & Sgarbossa, F. (2017). Additional effort estimation due to
ergonomic conditions in order picking systems. International journal of production research, 55(10), 2764-
2774. https://doi.org/10.1080/00207543.2016.1190879

[3] Brynzér, H, & Johansson, M. 1. (1995). Design and performance of kitting and order picking
systems. International journal of production economics, 41(1-3), 115-125. https://doi.org/10.1016/0925-
5273(95)00083-6

[4] David, G. C. (2005). Ergonomic methods for assessing exposure to risk factors for work-related
musculoskeletal disorders. Occupational medicine, 55(3), 190-199. https://doi.org/10.1093/occmed/kqi082

[5] Azizi, N., Zolfaghari, S., & Liang, M. (2010). Modeling job rotation in manufacturing systems: The study
of employee's boredom and skill variations. International journal of production economics, 123(1), 69-85.
https://doi.org/10.1016/j.ijpe.2009.07.010

[6] Aronowitz, S. (2000). The knowledge factory. Boston: Beacon Press.

[7] De Vries, J., Michielsen, H. J., & Van Heck, G. L. (2003). Assessment of fatigue among working people: a
comparison of six questionnaires. Occupational and environmental medicine, 60(suppl 1), i10-i15.
http://dx.doi.org/10.1136/0em.60.suppl_1.i10

[8] Theorell-Hagléw, J., Lindberg, E., & Janson, C. (2006). What are the important risk factors for daytime
sleepiness and fatigue in women? Sleep, 29(6), 751-757. https://doi.org/10.1093/sleep/29.6.751

[9] Elmaraghy, W. H., Nada, O. A., & ElMaraghy, H. A. (2008). Quality prediction for reconfigurable
manufacturing systems via human error modelling. International journal of computer integrated
manufacturing, 21(5), 584-598. https://doi.org/10.1080/09511920701233464

[10] Ahsberg, E. (2000). Dimensions of fatigue in different working populations. Scandinavian journal of
psychology, 41(3), 231-241. https://doi.org/10.1111/1467-9450.00192

[11] Ulinskas, M., Damasevicius, R., Maskelitinas, R., & Wozniak, M. (2018). Recognition of human daytime
fatigue using keystroke data. Procedia computer science, 130, 947-952.
https://doi.org/10.1016/j.procs.2018.04.094

[12] Bjorkstén, M., & Jonsson, B. (1977). Endurance limit of force in long-term intermittent static
contractions. Scandinavian ~ journal ~ of  work,  environment & health,  3(1),  23-27.
https://www jstor.org/stable/40964608

[13] Rohmert, W. (1973). Problems in determining rest allowances: part 1: use of modern methods to evaluate
stress and strain in static muscular work. Applied ergonomics, 4(2), 91-95. https://doi.org/10.1016/0003-
6870(73)90082-3


https://doi.org/10.1080/00207543.2016.1186296
https://doi.org/10.1080/00207543.2016.1190879
https://doi.org/10.1016/0925-5273(95)00083-6
https://doi.org/10.1016/0925-5273(95)00083-6
https://doi.org/10.1093/occmed/kqi082
https://doi.org/10.1016/j.ijpe.2009.07.010
http://dx.doi.org/10.1136/oem.60.suppl_1.i10
https://doi.org/10.1093/sleep/29.6.751
https://doi.org/10.1080/09511920701233464
https://doi.org/10.1111/1467-9450.00192
https://doi.org/10.1016/j.procs.2018.04.094
https://www.jstor.org/stable/40964608
https://doi.org/10.1016/0003-6870(73)90082-3
https://doi.org/10.1016/0003-6870(73)90082-3

[14]

[13]

[16]

[17]

(18]

[19]

[20]

(21]

(22]

(23]

[24]

(23]

[26]

[27]

(28]

[29]

(30]

(31]

(32]

Rose, L., Ortengren, R., & Ericson, M. (2001). Endurance, pain and resumption in fully flexed
postures. Applied ergonomics, 32(5), 501-508. https://doi.org/10.1016/50003-6870(01)00016-3

Imbeau, D., & Farbos, B. (2006). Percentile values for determining maximum endurance times for
static muscular  work. International  journal — of  industrial  ergonomics, 36(2),  99-108.
https://doi.org/10.1016/j.ergon.2005.08.003

Ma, L., Chablat, D., Bennis, F., & Zhang, W. (2009). A new simple dynamic muscle fatigue model
and its  validation. International ~ journal — of  industrial  ergonomics, 39(1),  211-220.
https://doi.org/10.1016/j.ergon.2008.04.004

Fruggiero, F., Fera, M., Lambiase, A., Maresca, P., & Caja, ]. (2017). The role of human fatigue in the
uncertainty of measurement. Procedia manufacturing, 13, 1320-1327.
https://doi.org/10.1016/j.promfg.2017.09.092

Peternel, L., Fang, C., Tsagarakis, N., & Ajoudani, A. (2019). A selective muscle fatigue management
approach to ergonomic human-robot co-manipulation. Robotics and computer-integrated
manufacturing, 58, 69-79. https://doi.org/10.1016/j.rcim.2019.01.013

Li, F.,, Chen, C. H,, Zheng, P., Feng, S., Xu, G., & Khoo, L. P. (2020). An explorative context-aware
machine learning approach to reducing human fatigue risk of traffic control operators. Safety
science, 125, 104655. https://doi.org/10.1016/j.ssci.2020.104655

Whaley, A. M., Xing, J., Boring, R. L., Hendrickson, S. M. L., Joe, J. C., Le Blanc, K. L., & Morrow, S.
L. (2016). Cognitive basis for human reliability analysis. U.S. Nuclear Regulatory Commission.
Cacciabue, P. C. (1998). Modelling and simulation of human behaviour for safety analysis and
control of complex systems. Safety science, 28(2), 97-110. https://doi.org/10.1016/S0925-
7535(97)00079-9

Boring, R. L. (2010). How many performance shaping factors are necessary for human reliability
analysis? Idaho National Laboratory (INL). https://inldigitallibrary.inl.gov/sites/sti/sti/4814133.pdf
Rasmussen, M., & Laumann, K. (2020). The evaluation of fatigue as a performance shaping factor in
the  Petro-HRA  method. Reliability ~ engineering &  system  safety, 194,  106187.
https://doi.org/10.1016/j.ress.2018.06.015

Jamshidi, R., & Esfahani, M. M. S. (2014). Human resources scheduling to improve the product
quality according to exhaustion limit. Top, 22(3), 1028-1041. https://doi.org/10.1007/s11750-013-
0310-z

Mahdavi, I, Aalaei, A., Paydar, M. M., & Solimanpur, M. (2010). Designing a mathematical model
for dynamic cellular manufacturing systems considering production planning and worker
assignment. Computers & mathematics with applications, 60(4), 1014-1025.
https://doi.org/10.1016/j.camwa.2010.03.044

Cappadonna, F. A, Costa, A., & Fichera, S. (2013). Makespan minimization of unrelated parallel
machines with limited human resources. Procedia CIRP, 12, 450-455.
https://doi.org/10.1016/j.procir.2013.09.077

Taylor, ]J. C. (2000). The evolution and effectiveness of maintenance resource management
(MRM). International journal of industrial ergonomics, 26(2), 201-215. https://doi.org/10.1016/50169-
8141(99)00066-9

Griffith, C. D., & Mahadevan, S. (2011). Inclusion of fatigue effects in human reliability
analysis. Reliability engineering & system safety, 96(11), 1437-1447.
https://doi.org/10.1016/j.ress.2011.06.005

Nelson, W. (1980). Accelerated life testing-step-stress models and data analyses. IEEE transactions
on reliability, 29(2), 103-108. DOI: 10.1109/TR.1980.5220742

Spencer, F. W. (1991). [Review of the book Statistical methods in accelerated life testing, by R. Viertl].
Technometrics, 33(3), 360-362.
https://www.tandfonline.com/doi/abs/10.1080/00401706.1991.10484846

Wold, S., Esbensen, K., & Geladi, P. (1987). Principal component analysis. Chemometrics and
intelligent laboratory systems, 2(1-3), 37-52. https://doi.org/10.1016/0169-7439(87)80084-9

Abdi, H., & Williams, L. J. (2010). Principal component analysis. Wiley interdisciplinary reviews:
computational statistics, 2(4), 433-459. https://doi.org/10.1002/wics.101

IJRIE

356

Jamshidi and Sadeghi| Int. J. Res. Ind. Eng. 10(4) (2021) 346-357


https://doi.org/10.1016/S0003-6870(01)00016-3
https://doi.org/10.1016/j.ergon.2005.08.003
https://doi.org/10.1016/j.ergon.2008.04.004
https://doi.org/10.1016/j.promfg.2017.09.092
https://doi.org/10.1016/j.rcim.2019.01.013
https://doi.org/10.1016/j.ssci.2020.104655
https://doi.org/10.1016/S0925-7535(97)00079-9
https://doi.org/10.1016/S0925-7535(97)00079-9
https://inldigitallibrary.inl.gov/sites/sti/sti/4814133.pdf
https://doi.org/10.1016/j.ress.2018.06.015
https://doi.org/10.1007/s11750-013-0310-z
https://doi.org/10.1007/s11750-013-0310-z
https://doi.org/10.1016/j.camwa.2010.03.044
https://doi.org/10.1016/j.procir.2013.09.077
https://doi.org/10.1016/S0169-8141(99)00066-9
https://doi.org/10.1016/S0169-8141(99)00066-9
https://doi.org/10.1016/j.ress.2011.06.005
https://doi.org/10.1109/TR.1980.5220742
https://www.tandfonline.com/doi/abs/10.1080/00401706.1991.10484846
https://doi.org/10.1016/0169-7439(87)80084-9
https://doi.org/10.1002/wics.101

IJRIE

357

Application of accelerated life testing in human reliability analysis

[33]

[34]

[33]

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

[44]

[45]

[46]

[47]

(48]

[49]

Manzini, R., Gamberi, M., & Regatierri, A. (2006). Applying mixed integer programming to the design
of a distribution logistic network. International journal of industrial engineering: theory, applications, and
practice, 13(2), 207-218.

Regattieri, A., Giazzi, A., Gamberi, M., & Gamberini, R. (2015). An innovative method to optimize the
maintenance policies in an aircraft: General framework and case study. Journal of air transport
management, 44, 8-20. https://doi.org/10.1016/j.jairtraman.2015.02.001

Acevedo, P. E., Jackson, D. S., & Kotlowitz, R. W. (2006). Reliability growth and forecasting for critical
hardware through accelerated life testing. Bell labs  technical  journal, 11(3), 121-135.
https://doi.org/10.1002/bltj.20183

Jayatilleka, S., & Okogbaa, G. (2003, January). Use of accelerated life tests on transmission belts for
predicting product life, identifying better designs, materials and suppliers. Annual reliability and
maintainability symposium, 2003. (pp. 101-105). IEEE. DOI: 10.1109/RAMS.2003.1181909

Alsina, E. F., Cabri, G., & Regattieri, A. (2016). A neural network approach to find the cumulative failure
distribution: modeling and experimental evidence. Quality and reliability engineering international, 32(2),
567-579. https://doi.org/10.1002/qre.1773

Jian-ping, Z. & Xin-min, G. (2005). Constant-step stress accelerated life test of VFD under Weibull
distribution case. Journal of Zhejiang university-SCIENCE A, 6(7), 722-727. DOI:10.1007/BF02856179
Gandevia, S. C. (2001). Spinal and supraspinal factors in human muscle fatigue. Physiological reviews,
81(4), 1725-1789. https://doi.org/10.1152/physrev.2001.81.4.1725

Giat, Y., Mizrahi, J., & Levy, M. (1993). A musculotendon model of the fatigue profiles of paralyzed
quadriceps muscle under FES. IEEE transactions on biomedical engineering, 40(7), 664-674.

Xia, T., & Law, L. A. F. (2008). A theoretical approach for modeling peripheral muscle fatigue and
recovery. Journal of biomechanics, 41(14), 3046-3052. https://doi.org/10.1016/j.jbiomech.2008.07.013
Myszewski, J. M. (2010). Mathematical model of the occurrence of human error in manufacturing
processes. Quality and reliability engineering international, 26(8), 845-851. https://doi.org/10.1002/qre.1162
Michalos, G., Makris, S., & Chryssolouris, G. (2013). The effect of job rotation during assembly on the
quality of final product. CIRP journal of manufacturing science and technology, 6(3), 187-197.
https://doi.org/10.1016/j.cirp;j.2013.03.001

Jamshidi, R., & Seyyed Esfahani, M. M. (2015). Reliability-based maintenance and job scheduling for
identical ~parallel machines. International  journal of production research, 53(4), 1216-1227.
https://doi.org/10.1080/00207543.2014.951739

Herbert, R. D., & Gandevia, S. C. (1999). Twitch interpolation in human muscles: mechanisms and
implications for measurement of voluntary activation. Journal of neurophysiology, 82(5), 2271-2283.
https://doi.org/10.1152/jn.1999.82.5.2271

Nanthavanij, S. (1992). Quantitative analysis of heart rate recovery profile during recovery from physical
work. International  journal of industrial ergonomics, 9(4), 329-342. https://doi.org/10.1016/0169-
8141(92)90065-8

Konz, S. (2000). Work/rest: Part II — The scientific basis (knowledge base) for the guidel. In A. Mital, A.
Kilbom, & S. Kumar (Eds.), Ergonomics guidelines and problem solving (pp.401-427). Elsevier.

Boring, R. L., & Blackman, H. S. (2007, August). The origins of the SPAR-H method’s performance
shaping factor multipliers. 2007 IEEE 8th human factors and power plants and HPRCT 13th annual
meeting (pp. 177-184). IEEE. DOI: 10.1109/HFPP.2007.4413202

Blackman, H. S., Gertman, D. I., & Boring, R. L. (2008, September). Human error quantification using
performance shaping factors in the SPAR-H method. Proceedings of the human factors and ergonomics society
annual meeting, 52(21), pp. 1733-1737). Sage CA: Los Angeles, CA: SAGE Publications.


https://doi.org/10.1016/j.jairtraman.2015.02.001
https://doi.org/10.1002/bltj.20183
https://doi.org/10.1109/RAMS.2003.1181909
https://doi.org/10.1002/qre.1773
http://dx.doi.org/10.1007/BF02856179
http://dx.doi.org/10.1007/BF02856179
http://dx.doi.org/10.1007/BF02856179
https://doi.org/10.1152/physrev.2001.81.4.1725
https://doi.org/10.1016/j.jbiomech.2008.07.013
https://doi.org/10.1002/qre.1162
https://doi.org/10.1016/j.cirpj.2013.03.001
https://doi.org/10.1080/00207543.2014.951739
https://doi.org/10.1152/jn.1999.82.5.2271
https://doi.org/10.1016/0169-8141(92)90065-8
https://doi.org/10.1016/0169-8141(92)90065-8
https://doi.org/10.1109/HFPP.2007.4413202

